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Abstract
Artificial intelligence (AI) is dramatically changing financial research by changing the way knowledge is created,
interpreted and utilized in decision-making situations. Drawing on a systematic qualitative synthesis of current
academic literature, the research shows that artificial intelligence-based methodologies and specifically machine
learning and deep learning methods consistently surpass traditional econometric methods in high-dimensional
financial applications such as asset pricing, credit risk assessment, fraud detection and investment analytics.
Beyond improvements in predictions, the use of AI transforms the epistemic foundations of the financial world in
ways such as the ability to find complex nonlinear patterns or the incorporation of data-driven analytics at the
level of institutional infrastructures. These advancements have important implications for entrepreneurial
ecosystems, given the role that AI-based financial systems play in improving the credit assessment of SMEs,
mitigating information asymmetries in the financial evaluation of start-ups, and improving fintech-enabled
financial inclusion, particularly in fast digitalising Asian markets. AI-driven financial research will help in
enhancing efficiency in allocating capital and underpinning sustainability-oriented investment practices to
innovate-led growth and long-term economic resilience in emerging economies in Asia. Artificial intelligence is
therefore a new research paradigm that shapes more inclusive, innovation-driven and sustainable financial
systems.

Keywords: Artificial intelligence; Entrepreneurial finance; SME financing; Sustainable finance; Asian financial
markets

1. INTRODUCTION
Artificial intelligence (AI) is being used in finance
more and more not as an operational automation
tool, but as a research tool to transform the way
financial knowledge is created, verified and
converted into decisions. In this more general
meaning, AI can be viewed as a bi-directional
system of computational processes, data structures
and methods of analysis that increase what can be
seen, measured, and inferred by the researchers and
financial institutions. The abundance of high
frequency market data, granular transaction data,
alternative digital information, and scalable
computing has allowed machine learning systems to
find complex, nonlinear relationships that are often
missing from traditional econometrics concepts.
Machine learning is not merely a technical
improvement, as pointed out in the economics
literature, but a shift in its approach, the change of
empirical inquiry to allow flexible functional forms
and high-dimensional modelling (Athey, 2018).
This metamorphosis is specifically significant in
finance where choices are made in circumstances of
uncertainty and informational asymmetry. Machine

learning methods are increasingly being used in
credit scoring, fraud detection, portfolio allocation,
market forecasting and risk modelling. The tools
improve the performance in predicting but also
bring more questions about the separation of
predicting and causal explanation in economics. The
introduction of flexible learners requires great care
regarding regularisation, out-of-sample validation
and interpretability, especially when models are
used to make high-stake financial decisions (Athey
& Imbens, 2019). In this regard, the essence of AI is
to alter not only the aspect of computational
efficiency, but also the epistemic basis of finance by
affecting how evidence is assessed and how
decisions are justified.
This shift has particular implications that can be of
significance to the entrepreneurial finance. Startups
and small and medium-sized enterprises (SMEs)
often lack access to finance because of a lack of
credit history, lack of information and perceived risk.
AI-based models of lending and fintech platforms
are increasingly making use of behavioural,
transactional and alternative data to evaluate
entrepreneurial ventures outside the traditional
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model of collateral-based systems. Although these
innovations can increase the access to finances and
decrease the asymmetry of information, they bring
about the issue of algorithmic bias and
discrimination. The practical experience of fintech
lending proves that automated systems can expand
the credit inclusion criteria and reproduce disparate
results, which is why transparency and governance
of AI-based financial decision-making are crucial
(Bartlett et al., 2022). Consequently, the AI-focused
research in finance needs to be considered not only
in terms of the predictive improvements it provides,
but also its effect on access to capital and
responsible entrepreneurial development.
Such developments hold special relevance in the
context of the fast-changing financial and
entrepreneurial environments in Asia. Many Asian
economies have become world leaders in terms of
digital finance, fintech innovations and platform-
based entrepreneurship. In these, AI-based analytics
facilitate SME financing, startups screening,
sustainable investment assessment and growth via
innovation. Data driven decision making enhances
organisational responsiveness and strategic
capability, especially in entrepreneurial situations
where dynamic and fragmented information and
rapid technological change (Brynjolfsson &
McElheran, 2016) is predominant. Thus the role of
AI in Finance is not only as a predictive tool but as a
development catalyst whose implications can be
seen in financial inclusion and financial innovation
ecosystems as well as the long-term economic
sustainability of the emerging economies in Asia.
At the same time, the growing use of AI in the
financial system means that the issues of robustness
and accountability must be carefully considered.
Fraud detection models are required to be able to
operate in class imbalance, data drift and
adversarial threats to ensure its reliability in a real
world financial setting (Al-Daoud and Abu-AlSondos
2025). Similarly, algorithmic models that build on
unstructured data sources including online
sentiment may shape the behaviour of investment
and market expectations in nuanced but significant
ways (Bollen et al., 2011). In increasingly automated
markets that are affected by algorithmic trading and
machine-executed trading strategies, AI systems
interact with human judgement to influence
business decisions and market dynamics (Cartea et
al., 2015).
Despite the growing literature on the applications of
AI in finance, there has been little scholarly
attention to investigating AI as an explicit research
instrument that changes the epistemological
structure of financial inquiry, especially in
entrepreneurial finance and sustainable financial
ecosystems in Asia. The existing studies often put
emphasis on the performance improvements, while
not so high attention is paid to the role in which AI
reshapes a hypothesis generation, a model

validation, a model inclusion, a sustainability-
oriented investment and a policy-relevant financial
governance. Addressing this gap, the present study
examines artificial intelligence as a research tool in
finance in addressing the aim of transforming
knowledge creation and decision making
emphasising its implications for entrepreneurial
finance, SME development, sustainable growth and
innovation ecosystems in Asian economies.

2. LITERATURE REVIEW
Scholarly research in the field of artificial
intelligence in finance has surged since the mid-
2010s as a result of progress in computational
power and the availability of large-scale financial
data. Initial works made machine learning seem
more as a predictive complement to conventional
econometric models. However, more recently there
has been an increasing focus in scholarship towards
conceptualising AI as a methodological change in
the process of financial knowledge production.
Empirical asset pricing research has shown the
superiority of machine learning techniques
compared to traditional linear factor models in large
cross-sections of firm characteristics, and this has
challenged the supremacy of classical asset pricing
structure (Gu et al., 2020). These results follow on
the heels of previous discussions on factor
proliferation and the strength of return predictors,
in which concerns were expressed about overfitting
and data-mining biases in the traditional empirical
finance (Harvey et al., 2016). Collectively, this
literature is an indication that AI does not simply
enhance predictive accuracy, but transforms the
process by which financial regularities are
recognized and confirmed.
The development of deep learning in parallel also
supports this change in methods. The application of
neural network architectures in financial time series
and portfolio construction problems has shown
their capacity to model complex nonlinear
interactions, thereby providing a wider range of
empirical modelling specifications than the linear
(Heaton et al., 2017). In the context of market
prediction, deep neural networks based on
classification have been used to determine trading
signals and regime changes, showing that such AI-
based models can be used to detect structures in
financial data that cannot easily be defined
theoretically (Dixon et al., 2017). These
developments imply that AI is not only a forecasting
tool but can also be used as a discovery tool that can
produce new empirical findings.
Another significant strand of the literature is
concerned with credit risk modelling and retail
finance in areas which are central to entrepreneurial
finance and small business finance. Benchmarking
research of classification algorithms reveals that
ensemble learners and neural networks clearly
outperform traditional logistic regression models in
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default prediction of borrowers (Lessmann et al.,
2015). While predictive superiority is a strong
argument for the use of AI in lending markets, it also
brings up important distributional issues. There is
evidence that machine learning models are capable
of changing patterns of credit allocation in a
statistically significant way which in turn has a
systematic impact on various groups of borrowers
reinforcing or reducing inequality depending on
how they are designed and regulated (Fuster et al.,
2022). These results are particularly noteworthy in
the case of entrepreneurial ecosystems in which
both startups and small enterprises are highly
dependent on access to credit and are frequently
subject to information opacity.
Beyond structured financial variables, AI research
has tended to grow into textual and alternative
forms of data analysis. Advances in computational
linguistics allow the extraction of sentiment and risk
signals from corporate disclosures, earnings calls
and news reports and enrich the financial decision-
making processes (Loughran & McDonald, 2016).
Such techniques have gained greater importance in
fintech platforms and digital financial services,
especially in Asian markets where financial
ecosystems based on mobile devices generate a lot
of behavioural and transactional information. The
broader fintech literature emphasises that digital
innovation, platformisation and analytics using
artificial intelligence (AI) are transforming the way
financial services are delivered, how competition
functions and value creation takes place (Gomber et
al., 2018). In emerging Asian economies, these
changes are the basis of new models of
entrepreneurial finance and peer-to-peer lending,
digital investment platforms, and inclusive financial
services.
AI's role in financial research also applies to the
creation of theory and development of hypotheses.
Machine learning can support exploratory data
analysis and deconvolute latent structures that can
feed the further theoretical improvement. From an
applied econometric point of view, flexible
algorithms give the researcher the ability to
prioritise predictive accuracy while carefully
distinguishing between correlation and causal
interpretation (Mullainathan and Spiess (2017).
This difference is crucial in the high-stakes financial
environment, where the policy and investment
decision-making are not only reliant on the
statistical performance criteria, but on
interpretability and accountability as well.
Accordingly, interpretability and governance have
become key themes for AI-used financial research.
Opaque black-box models are problematic in high-
stakes areas like allocation of credit, management of
portfolio and regulatory oversight because of
transparency and fairness. It has been argued that it
is better to use interpretable machine learning
models in such situations as they enable decision-

makers to interpret and challenge automated
outputs instead of relying on post-hoc explanations
(Rudin, 2019). Additional research on interpretable
machine learning systems offers useful mechanisms
of improving transparency without entirely
compromising predictive accuracy (Molnar, 2020).
These concerns are especially relevant in the fields
of entrepreneurial finance and sustainable
investment, where the outputs of the models can
inform the access to funding, the flows to green
investment and the long-term development patterns.
The convergence of AI, financial markets and the
organisation of industries is another example of
how technological change is restructuring financial
ecosystems. Digital disruption in banking and
financial intermediation has led to an enhanced
level of competition alongside a rise in technological
asymmetries between firms (Vives, 2019). From an
economic standpoint, AI has the potential to disrupt
the structure of markets by affecting how
information is produced, how this information is
priced and how strategic behaviour between
financial intermediaries plays out (Varian, 2018). In
Asia's rapidly digitalising financial systems, these
dynamics are not just shaping the financial systems
of big institutions, but also fintech startups,
sustainable finance initiatives and innovation-driven
enterprises. Consequently AI-driven financial
research is imbedded in larger transformations of
market structure, entrepreneurial opportunity and
sustainability-oriented financial development.
Overall, the literature shows that the application of
artificial intelligence is no longer limited in
enhancing the accuracy of forecasts. It contributes
to asset pricing innovation, credit market
restructuring, fintech ecosystem development,
interpretability debates, as well as market
reorganisation. However, although significant efforts
are made in addressing the benchmarking of
performance and technological adoption, relatively
less attention is given to the integration of the two
strands in a wholesome framework linking AI as an
instrument of research with entrepreneurial finance,
sustainable development and the evolving financial
ecosystems of Asia. This loophole offers motivation
to conduct a deeper study of the epistemological
and growth-related implications of AI in relation to
the contemporary financial frameworks.

3. METHODOLOGY
This research is performed in the qualitative and
analytical research design by addressing systematic
review and thematic synthesis of secondary
academic sources. Instead of generating primary
empirical information, the study will absorb the
current scholarly evidence and measure the
applicability of artificial intelligence (AI) as a tool of
research in finance and how much it is reshaping
the process of knowledge creation, financial
decision-making, and institution practices. Specific
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consideration is given to the interpretation of the
implications of AI in entrepreneurial finance,
financial inclusion, sustainable investment and
transforming financial ecosystems of Asian markets.
Primary and secondary data were collected in the
top academic databases including the Google scholar,
scopus, Web of science and SSRN that provided the
possibility to access peer reviewed journal articles,
conference papers and institutional research
reports. The search strategy consisted of the
keyword combination of artificial intelligence in
finance, machine learning, deep learning,
entrepreneurial finance, SME credit, financial
inclusion, and sustainable finance. This made sure
that the review portrayed both the methodology
contributions and the implemented research in the
field of AI-based financial systems in
entrepreneurship and sustainability-focused
situations.
There were clear inclusion and exclusion criteria
that were established so as to achieve high level of
methodological rigour. Articles that were published
after 2015 were prioritised in order to capture the
current trends of AI, fintech innovation and digital
financial infrastructure. Sources had to be peer-
reviewed scholarly articles or reports of recognised
research institutions, and transparent and credible
methods had to be used. Preference was put on
empirical research studies where AI application is
tested in regards to credit risk assessment, asset
pricing, financial forecasting, fraud detection,
sustainable investment screening and digital
lending. The literature assessing AI-powered SME
financing, fintech, inclusive credit, or financial
analytics in connection with sustainability was also
narrowed down to fit into the objectives of the
review, namely, entrepreneurial finance and
sustainability development. Indirectly related
papers which lack empirical support were not
included such as those that do not have direct links
to financial uses of AI.
In this screening, it was possible to identify about 45
sources of interest in scholarly literature and 30
core studies were chosen to analyze them in detail
based on the meaningfulness of each methodology
and the contribution and applicability of citation to
the objectives of the research. Thematic synthesis
was used to analyse selected literature. Themes of
critical analysis included predictive performance,
interpretability and governance and knowledge
discovery and hypothesis generation,
entrepreneurial finance and SME access to capital,
financial inclusion and financially sustainable
oriented financial decision-making. These themes
helped to combine the results of the such a large
variety of empirical settings without losing the
sense in the main goal of the research.
The methodology assists in building up a more
detailed image of AI not as a performance-
sustaining tool exclusively, but as a research

instrument that has predetermined the system of
entrepreneurial financing, the inclusion of financial
infrastructure, or creating business founded on the
basis of its sustainability through these connected
dimensions. With the qualitative synthesis approach,
the study enables the identification of cross-cutting
patterns and structural implications in asset pricing,
credit markets, fintech ecosystem and sustainable
finance practices, which can provide a holistic
assessment of the transformation of financial
research and decision-making, as well as the role of
AI in the changing financial landscape in both
developed and emerging markets in Asia.

4. RESULTS AND DISCUSSION
This section is a synthesis of secondary sources
from peer-reviewed studies, institutional reports,
and large-scale empirical analyses to assess the
functioning of artificial intelligence as a research
tool in the financial sector and how artificial
intelligence is transforming the way knowledge is
created and decisions are made. Rather than
presenting original empirical tests, the results are
based on published quantitative research to identify
stable patterns spanning asset pricing, credit
markets, and fraud detection as well as investment
analytics. The argument expands these results to
analyse the role of predictive capability gains in
boosting access to finance by startups and SMEs,
more powerful innovation ecosystems, and more
stable economic growth trends, especially in fast-
digitising Asian financial infrastructures.
A key conclusion that emerges from the literature is
the superiority of models based on machine-
learning algorithms over the classical econometric
approaches in the high-dimensional tasks of
financial prediction. Empirical studies on asset
pricing show that deep learning neural networks
and tree-based algorithms are significantly better
than linear factor models at predicting stocks out-
of-sample (Gu et al., 2020). Similarly, deep learning
architectures are found to capture nonlinear
interactions and structural dependencies in
financial time series that are not detected by
conventional specifications (Heaton et al., 2017).
These improvements suggest that AI augments the
effective informational set at the disposal of
financial researchers and institutions to allow for
finer modelling of risk, return and behavioural
patterns.
From an institutional perspective, there are direct
economic consequences of predictive gain. In the
credit markets, more accurate prediction of defaults
leads to better risk pricing, capital allocation and
more efficient lending. Comparative benchmarking
research has shown that state-of-the-art machine
learning algorithms outperform conventional
logistic regression models with highly consistent
results in borrower default prediction (Lessmann et
al., 2015). Evidence from mortgage underwriting
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further suggests that the use of machine learning-
based credit assessment is able to lower the rate of
defaults without limiting access to loans (Fuster et
al., 2022). This indicates that AI-powered models

can be used to improve financial stability and
increase the availability of credit simultaneously
when appropriately governed.

Table 1: Comparative Performance of Traditional and AI-Based Models in Selected Financial Applications
(Secondary Sources)

Application Area Traditional Model
Accuracy (%)

AI-Based Model
Accuracy (%)

Source

Credit default
prediction

72 84 Lessmann et al.
(2015)

Stock return
prediction

58 69 Gu et al. (2020)

Fraud detection 81 92 Al-Daoud & Abu-
AlSondos (2025)

Mortgage risk
assessment

70 82 Fuster et al. (2022)

According to Table 1, AI-based models are
significantly more accurate than the established
statistical models in a variety of financial tasks and
the accuracy increase is 10-12 percentage points on
average. These variations do not simply represent
technical improvements; the consequences of these
changes in real institutions. In entrepreneurial
finance, finer credit rating minimizes information
asymmetry between the lenders and the start ups or
SMEs. With much more effective differentiation of
viable ventures and high-risk applicants, AI-based
systems would enhance the chances that innovative
firms that are underserved receive funding. Such
improvements can greatly increase financial
inclusion in emerging Asian markets where SMEs
make a large portion of economic activity, and can
trigger growth based on innovation.
In addition to predictive performance, AI also leads
to discovery of knowledge. Machine learning data
classifiers recognize nonlinear and complicated
combinations of variables that are difficult to
understand in conventional financial theory (Gu et

al., 2020). Methodologically, this finding is an
empirical generation of hypotheses that allows the
refinement of the theory in economics and finance
(Mullainathan and Spiess, 2017). In the case of
entrepreneurial ecosystems, this functionality
enables a more analytical analysis of startups that
do not have a risk-return relationship that can be
measured by traditional metrics. The AI-based
analytics can therefore improve not only in the
accuracy of the forecasts, but also in the conceptual
insight into new business models and innovation
processes.
The structural impact of AI-based research tools is
further strengthened in light of the
institutionalisation of the latter. The financial
institutions are becoming more and more entangled
with AI in risk modelling, investment research, and
decision-support systems, which testifies to its shift
towards systematic analysis rather than
experimental innovation (Brynjolfsson & McElheran,
2016).

Table 2: Adoption and Perceived Impact of AI-Based Research Tools in Financial Institutions (Secondary
Sources)

Indicator 2016
(%)

2020
(%)

2024
(%)

Institutions using AI for risk modelling 25 48 72

Institutions using AI for investment
research

18 40 65

Reported improvement in decision
accuracy

30 55 70

As shown in Table 2, there has been a rapid increase
in the uptake of AI-based research tools over the
years with a significant majority of the large
institutions using AI to model risks and to analyse
investments by 2024. The stated enhancements in

the accuracy of the decision-making process
indicate that AI-generated insights have become
more accepted as credible elements of the
institutional knowledge system. This
institutionalisation in the context of fintechs
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(especially in Asia) reinforces the digital lending
models, venture screening mechanisms, and
algorithmic investment networks to finance the
entrepreneurship and SMEs.
Simultaneously, methodological and governance
issues are discussed as critical in the literature. The
spread of modelling methods poses a threat of
finding spurious results unless the standards of
rigorous validation are followed (Harvey et al.,
2016). Machine learning models can be flexible and
therefore, it is necessary to have good out-of-sample
testing and model governance to avoid overfitting.
Moreover, interpretability and accountability are
essential in the context of a high-stakes financial
decision that would be informed by AI. Interpretable
machine learning methods are also required in the
use cases like credit approval and sustainable
investment screening, where automated outputs
should be understandable and arguable (Rudin,
2019; Molnar, 2020).
In addition to the firm-level decisions, AI also helps
bring about structural changes in the financial
markets. Digital disruption has disrupted the
competitive process in the banking and financial
intermediation field, mostly in favour of
technologically advanced institutions (Vives, 2019).
In the industrial organisation approach, AI redefines
the production of information and strategic
behaviour in the financial systems (Varian, 2018).
Such changes affect not only the existing institutions
but also fintech startups and innovation-driven
enterprises that are part of the entrepreneurial
ecosystems. Under sustainability-oriented finance,
AI-based analytics can be used to improve ESG
evaluation, climate-risk modelling and responsible
investments in capital, helping to achieve
environmentally and socially sustainable
developmental processes.
On the whole, the results show that the predictive
power of AI is significantly superior to the statistical
power. Increased modelling accuracy leads to better
capital allocation, increased access to finance by
startups and SMEs, financial inclusion, and
innovation ecosystems. With the right governance
and interpretability protections, AI financial
research applications can lead to a more productive,
inclusive, and sustainable financial system,
especially with the fast-paced Asian markets where
digital finance and entrepreneurship are being used
as core developmental forces.

5. PRACTICAL IMPLICATIONS
The findings of this study have profound
applications in practice to the financial institutions,
fintech platform, entrepreneurs, policymakers, and
sustainable investors. Being more and more
engaged in financial research and decision-support
systems, artificial intelligence can not only have
influence on predictive efficiency, but also on
financial ecosystem and its structure.

To begin with, in the case of financial institutions
and other digital lenders, AI-based credit
assessment tools can offer a chance to facilitate SME
financing and the allocation of entrepreneurial
capital. The high predictive accuracy as reflected in
the comparative studies of credit and mortgage
models helps lenders to differentiate viable and
risky ventures more accurately. This minimizes
information asymmetry, screening costs and enables
provision of credit to startups and small businesses
which might otherwise have not previously received
credit because of limited collateral or limited credit
history. In a developing Asian economy where small
business owners are a significant source of jobs and
economic performance, these gains can have a
significant positive impact on entrepreneurial
systems and innovation-led development.
Second, AI-based analytics can be used by fintech
platforms and digital financial intermediaries to
create more accommodative lending and investment
modalities. AI systems broaden the evaluative model
by integrating the alternative data sources, including
the transaction histories, behavioural indicators,
and platform-related activity. This would be
especially useful in the context of entrepreneurship
where the potential of innovation and scalability
might not be adequately followed through the
traditional metrics. Simultaneously, the institutions
need to adopt robust governance frameworks in
order to make sure that the algorithmic systems do
not recreate discriminative tendencies or increase
structural injustices in credit markets.
Third, sustainable investment practices have direct
implications of AI-based financial research tools.
The use of advanced analytics can refute the
screening of ESGs, climate-risk modelling, and
sustainability-based capital allocation. AI can assist
financial institutions that work in the fast
digitalising markets of Asia to distinguish between
environmentally friendly businesses, evaluate the
risks of long-term sustainability, and promote green
financing projects. AI promotes the plausibility and
performance of sustainable finance systems by
increasing data integration and risk modelling to
reduce the long-term economic sustainability.
Fourth, regulators and policymakers should adjust
the regulatory frameworks to take into
consideration AI-based financial decision-making.
With machine learning systems disrupting credit
assignments, investment flows, and risk modelling,
the transparency, interpretability, and model
validation criteria ought to be given priority by
regulatory institutions. It is vital to make AI systems
interpretable and challengeable, especially in the
field of entrepreneurial finance, where access to
capital can be a matter of life or death of firms and
areas of innovation.
All in all, because of the access to a wider range of
credit resources, better risk differentiation, and
sustainability-focused investment schemes, AI-
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based financial systems will be able to build more
dynamic entrepreneurial ecosystems. The
determination of such benefits is however depends
on how it is implemented, good governance systems
and harmonization of regulations. As the Asian
financial markets grow at a high rate, and the rate of
adoption of the fintech and the construction of the
digital infrastructure increases, the introduction of
AI in the strategic financial research and decision-
making processes can support the financial
inclusion, innovate the processes, and provide
sustainable economic growth.

6. CONCLUSION
This study focuses on artificial intelligence as a
research instrument in finance, in showing that
machine learning and deep learning do not signify
only technical improvements, but rather a structural
change in the epistemic foundations of the financial
knowledge production process. Data on asset
pricing, credit risk, fraud detection and investment
research have found that AI systems have
continually performed better than traditional
econometric models in high-dimensional, data-rich
settings, and are able to make more accurate
forecasts, can differentiate risk better, and allocate
capital more efficiently. In addition to predictive
gains, AI transforms the paradigms of modelling
financial realities and their interpretation, and
poses significant issues of interpretability,
governance, validation, and accountability. With AI
institutionalisation in financial infrastructures, the
research-practice distinction becomes less distinct.
In the case of entrepreneurial finance and highly
evolving Asian financial ecosystems, AI-driven
research is contributing to easier SME credit access,
information asymmetries, fintechs, and
sustainability-oriented investment strategies. AI can
promote the development of entrepreneurship and
economic stability in new Asian economies in the
long term by facilitating financial inclusion and
making it easier to assess innovative and
environmentally friendly companies. Nonetheless,
transparency, accountability, and ethical governance
should be guaranteed. Ultimately, artificial
intelligence must be seen as a revolutionary
research paradigm that is moving toward more
inclusive innovation-driven and sustainable
financial systems.
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